
Political Analysis of Social Media Data

Representativeness

Instructor: Gregory Eady
Office: 18.2.10

Office hours: Fridays 13-15
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Social media data: What are they
good for?
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The potential uses of social media data are massive

1. Measurement opportunities
‚ Public opinion and political behavior voting

‚ Vote choice
‚ Anti-immigrant sentiment
‚ ISIS sympathies
‚ Protest turnout
‚ Elite communications
‚ Network behavior
‚ Conflict dynamics
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The potential uses of social media data are massive

2. Social media opportunities
‚ Examine effects of social media itself

‚ Polarization
‚ Incivility
‚ Political campaigning
‚ Political knowledge
‚ Censorship
‚ Advertising
‚ Radicalization

‚ Differences across platforms
‚ Effects of interventions (e.g. labeling fake news, banning types
of speech, increasing the character limit)

‚ Different behavior toward some groups than others (e.g. by
partisanship, age, gender, race, religion)

Slide 4 of 44



Benefits of social media data

1. Unobtrusive data collection
‚ Minimizes changes in behaviors from being observed
(Hawthorne effects)

‚ Minimizes social desirability bias
‚ Collection is done at scale
‚ Can capture the network structure
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Benefits of social media data

2. Homogeneous content and format
‚ Similar text lengths
‚ Similar use of language and meta data
‚ Consistent norms in usage (e.g. hashtags)
‚ Many actors interact in similar ways (e.g. retweets, sharing)
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Benefits of social media data

3. Data granularity
‚ Across space
‚ Across time
‚ Across topic
‚ Across individuals
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Benefits of social media data

4. Widespread use
‚ Vast majority of politicians use social media (especially in
Western democracies)

‚ Majority of adult population uses social media
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Benefits of social media data

5. Offline attitudes and behaviors have online analogs
‚ Ideology can be capturde online and offline
‚ Attitudinal homophily
‚ Diurnal activity
‚ Personality can be measured from, for example, Facebook likes
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And yet...
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Or is it...
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Is social media real life?
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Is social media representative?
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Representativeness concern 1 (the obvious one):

1. Those who use social media are not representative of the
general population

‚ Estimates of public opinion will be skewed
‚ Estimates of prevalence of political behaviors will be skewed
‚ Is the case both between groups and within them

2. Larger samples do not somehow drown out bias
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And this active population is skewed further:
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Moderate differences in overall partisan skew

Slide 19 of 44



But this can hide much within-group bias...
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Democrats who do not post political content on social
media sites:
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Democrats who do post political content on social
media are more likely to:
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Democrats who do post political content on social
media are more likely to:
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The Democratic electorate in “real life”:
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The Democratic electorate on social media:
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Unrepresentativeness where you might or might not
expect...
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And unrepresentativeness itself can be politically
interesting to study
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More generally, is measuring public opinion that is
representative of the general population a lost cause?

❍ A heavily caveated “no”

❍ High degree of skepticism is warranted

❍ We’re past the optimism of the early 2010s when some
thought social media would be the new way to gauge general
public opinion

❍ Typically lack necessary demographic/attitudinal data about
users to weight to known population values (e.g. gender, age,
partisanship)

❍ BUT, adjustment is still possible...
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The upshot

❍ Is a bit of room to use social media data to approximate
general public opinion

❍ But, in general, be clear about your population of interest and
the limitations of your data

‚ e.g. Simply interested in opinion on a specific social media
platform

‚ e.g. Changes across time or geography on social media will
approximate shifts among the general public (for instance,
Alrababa’h et al. 2019)

❍ Insufficient critique to simply say that social media data are
unrepresentative

‚ Provide a reason why unrepresentativeness itself might explain
the variation that is being explained, and why that is a problem
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Representativeness concern 2: APIs

2. Social media APIs don’t necessarily return a representative
sample of social media data themselves

‚ E.g. the streaming Twitter API does not return a
representative sample of your search query

‚ The API is a black box with respect to representativeness

‚ Further, generating a random sample of users (or those specific
to a given, say, country) is extremely challenging
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Possible solutions?

❍ Little is possible with respect to the representativeness offered
by an API

❍ Need a representative samples of users? Re-think your
population of interest

‚ Population of minimally politically interested users?

‚ Collect followers of all politicians in a given country
‚ Collect followers of all political news media accounts
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Representativeness concern 3: Base rates

3. Absolute numbers of interactions and behaviors on social
media can be deceptive

‚ We almost never know how many people saw a post
‚ Problematic because we often can’t easily infer influence from
absolute numbers

‚ Topics of global interest can generate many clicks outside of a
country of interest, even if there is narrow interest within the
country

‚ Tweets by Russian trolls were seen by 1.4 million users in the
US. Seems like a lot!

‚ What to do: Put numbers in relative context where possible
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Exposure to Russian trolls in context
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Representativeness concern 4: Algorithms

4. Algorithms are consistently changing, and affect behavior
without our knowing

‚ Changes in behavior over time that we think are of theoretical
interest may simply be due to changes in the algorithms used
by social media companies

‚ These changes is typically unannounced
‚ This can lead to unintended consequences for researchers...
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Google Flu Trends

❍ Use Google Search data to predict trends in flu

❍ But the algorithm that runs the engine is constantly changed

❍ One change, for example, recommended search terms to users,
thus increasing their frequency...
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YouTube radicalization

❍ A number of studies have examined whether YouTube’s
algorithm sends users down a “rabbit hole”

❍ These data are collected through algorithm “audit studies”
that start with a seed channel and follow recommendations

❍ These data will not be representative, however, without
capturing the personalization of the algorithm to actual users

❍ Further, difficult to answer if minimal effects currently are
representative of the algorithm in earlier years
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Potential solutions:

❍ Be aware that algorithmic changes will affect the composition
of your data

‚ Compositional changes are a general issue independent of
algorithms as well

❍ Be explicit about the drawbacks to data if such changes
potentially exist

‚ If so, conduct robustness checks of your results on different
periods that may be affected
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Representativeness concern 5: Platforms

❍ Are likely large differences in behavior across social media
platforms

‚ Behavior on Facebook will differ from that on YouTube from
that on Reddit from that on Twitter

❍ Yet the literature focuses heavily on Twitter

❍ Twitter is not representative of the mechanisms on social
media generally

‚ Short messages
‚ Rapid turnout in user base
‚ Quick reaction times
‚ Is a directed network (unlike Facebook)
‚ Allow more interaction with elite accounts
‚ Elite-dominated (media, celebs, politicians)
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❍ Whereas Facebook has:

‚ Longer messages
‚ Longer reaction time
‚ Much slow turnover
‚ Is an undirected networked (friending is two-way)
‚ Conversations evolve more slowly over time

❍ Upshot: Recognize that the social media platforms we can
more easily study might be substantially different than those
we cannot

❍ How might social media differ across platforms with respect
to political behavior?
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❍ Other concerns

‚ Longer messages
‚ Longer reaction time
‚ Much slow turnover
‚ Is an undirect networked (friending is two-way)
‚ Conversations evolve more slowly over time

❍ Upshot: Recognize that the social media platforms we can
more easily study might be substantially different than those
we cannot
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Summary

❍ Unrepresentative of the general public

❍ APIs don’t necessarily generate representative data

❍ Statistics about social media interactions can be deceiving

❍ Algorithms affect behavior in unknown ways

❍ Are differences across platforms, but Twitter is over-studied
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Next class

❍ Data collection

❍ Basic text cleaning & analysis
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